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Context and Significance
Although type 2 diabetes (T2D) is a major comorbidity of novel coronavirus disease 2019 (COVID-19), the impact of blood
glucose control on the degree of medical interventions required and on all-cause mortality of patients with COVID-19 and
pre-existing T2D remains unclear. Here, Zhu et al. report that among !7,300 individuals with COVID-19 (among which nearly
1,000 had T2D) in Hubei Province, China, those with T2D had significantly increased medical interventions and mortality risk.
But among the patients with T2D, those with well-controlled blood glucose regulation (upper limit % 10 mmol/L) fared much
better than those with poorly controlled blood glucose (upper limit > 10 mmol/L). These findings provide clinical evidence
correlating more proper blood glucose control with improved outcomes in patients with COVID-19.
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SUMMARY

Type 2 diabetes (T2D) is a major comorbidity of COVID-19. However, the impact of blood glucose (BG) control
on the degree of required medical interventions and on mortality in patients with COVID-19 and T2D remains
uncertain. Thus, we performed a retrospective, multi-centered study of 7,337 cases of COVID-19 in Hubei
Province, China, among which 952 had pre-existing T2D. We found that subjects with T2D required more
medical interventions and had a significantly higher mortality (7.8% versus 2.7%; adjusted hazard ratio
[HR], 1.49) and multiple organ injury than the non-diabetic individuals. Further, we found that well-controlled
BG (glycemic variability within 3.9 to 10.0 mmol/L) was associated with markedly lower mortality compared to
individuals with poorly controlled BG (upper limit of glycemic variability exceeding 10.0 mmol/L) (adjusted
HR, 0.14) during hospitalization. These findings provide clinical evidence correlating improved glycemic control with better outcomes in patients with COVID-19 and pre-existing T2D.

INTRODUCTION
The novel coronavirus disease 2019 (COVID-19) is caused by
infection from the newly emerged, highly contagious coronavirus
SARS-CoV-2 (Wu and McGoogan, 2020). SARS-CoV-2 mainly
invades the respiratory tract and lungs, leading to a new type
of coronavirus pneumonia (Zhu et al., 2020). The severe cases
of COVID-19 can rapidly progress to acute respiratory distress
syndrome (ARDS), septic shock, and multiple organ dysfunction
syndrome (MODS) (Guan et al., 2020). Elderly individuals, along
with those with pre-existing conditions, such as hypertension,
cancer, cardiovascular diseases, diabetes mellitus, and acute
kidney injury, have a demonstrated higher risk for developing
more severe cases of COVID-19, as well as suffering a higher
risk of mortality (Wang et al., 2020; Zhang et al., 2020b; Zhou
et al., 2020). The collision between the two global pandemics
of COVID-19 and type 2 diabetes (T2D) has led to the grim reality
that T2D is already the second most common comorbidity of
COVID-19 (Zhou et al., 2020). However, current evidence implicating T2D in worse COVID-19 prognosis has mostly come
from relatively limited-sized cohorts (Deng and Peng, 2020;
Zhang et al., 2020a; Zhou et al., 2020). Thus, the clinical features
of patients with T2D infected by SARS-CoV-2 remain to be
comprehensively clarified in a large-scale analysis, which is
needed to more efficiently and precisely manage the treatment
of such patients.
It has been well established that patients with diabetes are
more susceptible to infections in general and exhibit worse prognosis once infected compared to the non-diabetic population
(Kumar Nathella and Babu, 2017; Xu et al., 2019). Such a higher
susceptibility has also been previously observed for other coronaviral epidemics. For example, in patients with severe acute
respiratory syndrome (SARS), pre-existing T2D was independently associated with poor outcomes. The percentage of
known T2D history was significantly higher among patients
who succumbed to SARS than who survived (Booth et al.,
2003; Yang et al., 2006). Further, epidemiological studies also
indicate that T2D was the primary comorbidity associated with
severe or lethal MERS-CoV infections (Alqahtani et al., 2018).
And with regard to the current COVID-19 pandemic, several
recent studies, though with limited participants, have already
suggested that T2D is a common comorbidity and constitutes
2 Cell Metabolism 31, 1–10, June 2, 2020

a higher proportion of patients with severe and ICU-admitted
cases of COVID-19 than patients with mild symptoms (Deng
and Peng, 2020; Wang et al., 2020; Zhang et al., 2020a; Zhou
et al., 2020). These associations between diabetes and worse
outcome in viral infections are not unexpected as hyperglycemia
is detrimental to the control of viremia and inflammation, aggravating morbidity and mortality in a variety of patients (Forbes
et al., 2018). However, an overly rigid glucose control may increase the risk of severe hypoglycemia, which can also lead to
an increased mortality (Rodriguez-Gutierrez et al., 2019). Consequently, previous clinical trials examining the effects of glucose
control on mortality have yielded conflicting results (Forbes
et al., 2018; Van den Berghe et al., 2006). For individuals with
COVID-19 and pre-existing T2D, a key challenge for clinicians
is to improve outcomes in the face of uncertainty regarding the
degree of glycemic management that should be maintained
and any effects this might have on the benefits and risks of overall treatment. Thus, detailed analyses of data from such patients
is needed that links plasma glucose levels with clinic outcomes,
including mortality.
In this report, we performed a retrospective longitudinal, multicentered study from a cohort of 7,337 confirmed COVID-19
cases enrolled among 19 hospitals in Hubei Province, China,
focusing on the association between plasma glucose levels
and clinic outcomes in COVID-19 patients with T2D. In addition
to a significant association between diabetic status and higher
mortality rate in patients with COVID-19 and pre-existing T2D
versus non-diabetic subjects with COVID-19, our study indicated that well-controlled glycemia was associated with a markedly improved outcome of patients with COVID-19 and pre-existing T2D.
RESULTS AND DISCUSSION
Clinical Characteristics of Patients with COVID-19 and
Pre-existing T2D upon Admission
Clinic characteristics were collected from a total of 7,337 participants out of 9,663 confirmed cases of COVID-19, including
952 subjects with pre-existing T2D (n = 510 male, 53.6%) and
6,385 non-diabetic cases (n = 2,967 male, 46.5%) (Figure 1).
Of the initial 9,663 cases enrolled, 2,326 patients with
COVID-19 were excluded from the study, including 1,013
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9,663 patients diagnosed as COVID-19
admitted on 19 hospitals in Hubei Province,
China from Dec 30, 2019 to Mar 20, 2020
872 patients without available
complete electronic medical records
due to transferring
8,791 participants
1,013 patients aged < 18 or > 75 years
7,778 participants
441 pregnant, acute lethal organ injury,
decompensated or end stage of
chronic organ dysfunction,
tumor or other type diabetes

Figure 1. Study Inclusion Criteria
A schematic overview illustrating participant
enrollment in the cohort study and the various
exclusion and inclusion criteria among the initial
case group. Briefly, a total of 9,663 patients with
COVID-19 were included. After various exclusion
criteria, 2,326 patients were removed from the
study. Of the remaining 7,337 patients, data from
6,385 patients without diabetes (non-T2D) were
placed in one group, while 952 individuals with type
2 diabetes (T2D) were placed in a second group. Of
the 952 cases with T2D, 142 cases were further
excluded due to hypoglycemia or lack of BG
readings. Of the remaining 810 cases of T2D, 282
were considered to have well-controlled BG, while
528 had poorly controlled BG. And of these two
T2D groups, 250 of each were used for propensity
score-matched analysis.

(BMI) in patients with or without T2D was
24.7 (22.0–26.4) and 23.4 (21.0–26.0),
respectively. The median duration from
the first symptom to admission was
10 days (6–19) for both groups. The major symptoms for both groups were fever
(71.8%), cough (63.5%), fatigue (32.3%),
6,385 participants in
952 participants
and dyspnea (16.1%), similar to the
non-T2D cohort
in T2D cohort
general population of patients (Chen
142 hypoglycemia or blood et al., 2020; Guan et al., 2020; Huang
glucose not available
et al., 2020; Wang et al., 2020). Patients
with T2D reported significantly higher
incidences of fatigue (38.0% versus
31.4%) and dyspnea (20.5% versus
282 well-controlled BG 528 poorly controlled BG
15.4%) compared to the non-diabetic
(3.9-10.0 mmol/L)
(3.9->10.0 mmol/L)
group.
Pre-existing
hypertension
(53.4% versus 19.7%), coronary heart
disease (CHD; 13.7% versus 3.7%), ce250 well-controlled BG 250 poorly controlled BG
rebrovascular disease (5.6% versus
(3.9-10.0 mmol/L)
(3.9->10.0 mmol/L)
1.5%), and chronic kidney disease
(4.9% versus 1.3%) had higher fre1:1 Propensity score-matched analysis
quencies in the T2D group compared
to the non-diabetic group. Chest CT
scans indicated that the incidence of
patients younger than 18 or older than 75 years old, 872 pa- bilateral lung lesion was higher (88.1% versus 80.4%) in the
tients without complete medical records, 13 patients with diabetic group compared to non-diabetic patients.
While heart rate and respiratory rates did not show differences
acute myocardial infarction, 5 patients with acute coronary
syndrome, 8 patients with acute pulmonary embolism, 10 pa- between the diabetic and the non-diabetic groups, systolic
tients with acute stroke, 11 patients with acute severe pancre- blood pressure was modestly higher in the diabetic group
atitis, 9 patients with cirrhosis, 37 patients with above stage 3 (130 mmHg [120–142] versus 126 mmHg [120–136]). Lab findchronic renal insufficiency, 7 patients with severe congestive ings showed that blood glucose (BG) level was much higher in
heart failure, 104 patients with pregnancy, 227 patients with the diabetic group compared to the non-diabetic group, as exmalignancy, 7 patients with type 1 diabetes, 2 patients with pected (8.3 mmol/L [6.2–12.4] versus 5.2 mmol/L [4.7–6.1]),
a history of gestational diabetes, and 1 patient with drug- with higher levels of HbA1c (7.9% [6.8%–9.5%] versus 6.1%
induced diabetes. From the final cohort of 7,337 COVID-19 [5.7%–6.6%]). Patients with T2D had a significantly higher incipatients analyzed, the prevalence of T2D was 13.0%, which dence of lymphopenia (44.5% versus 32.6%), and higher ratio
was similar to the nationwide prevalence of T2D in China of elevation of leukocyte (11.3% versus 6.6%) and neutrophil
(about 10.9%) (Wang et al., 2017). The median ages were 62 (17.2% versus 9.9%) counts in peripheral blood, relative to the
(55–68) and 53 (40–63) in the diabetic and non-diabetic non-diabetic individuals. At the same time, elevated serum
groups, respectively (Table S1). The median body mass index markers, indicating inflammation (C-reactive protein, CRP

7,337 participants
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[57.0% versus 42.4%] and procalcitonin [33.3% versus 20.3%]),
decreased kidney function (creatinine [12.0% versus 5.0%]), and
increased coagulation status (D-dimer [50.5% versus 33.3%]),
were found more frequently in the T2D group than in the non-diabetic group. Furthermore, SpO2 lower than 95% occurred more
frequently in the diabetic group versus the non-diabetic group
(18.8% versus 13.2%) on admission.
Patients with COVID-19 and Pre-existing T2D Require
More Intensive In-Hospital Treatment
The patients with pre-existing T2D received significantly more
intensive integrated treatments to manage their symptoms of
COVID-19 than the non-diabetic subjects. The former group
registered a higher need for antibiotics (61.3% versus 56.9%),
antifungal drugs (2.5% versus 1.2%), systemic corticosteroids
(29.4% versus 22.8%), immunoglobin (23.0% versus 17.7%),
anti-hypertensive drug (45.1% versus 21.1%), and even vasoactive drugs (7.7% versus 2.2%). Oxygen inhalation (76.9% versus
61.2%), noninvasive ventilation (10.2% versus 3.9%), and invasive ventilation (3.6% versus 0.7%) were also applied significantly more frequently to the individuals with T2D compared to
the patients without T2D (Table S2).
T2D Is Correlated with a Higher Risk of All-Cause
Mortality and Detrimental Comorbidities in Patients with
COVID-19
During the 28-day follow-up period, we performed a retrospective longitudinal analysis on various parameters starting from
the time of admission to the hospital for each patient in the study.
We noticed that, despite having received more aggressive treatment against COVID-19 and the comorbidities, the diabetic
group had greater incidences of decreased lymphocyte counts
and increased neutrophil counts, as well as higher levels of
serum interleukin-6 (IL-6), CRP, and lactic dehydrogenase
(LDH), accompanied by higher BG levels, compared to the
non-diabetic group. The BG level was also significantly associated with comorbid hypertension, CHD, the incidences of
decreased lymphocyte count, and elevated neutrophil count
and the levels of serum CRP and creatinine in the entire cohort
(Figure S1).
During the 28-day follow-up period starting from admission,
the in-hospital death rate was significantly higher in patients
with pre-existing T2D relative to the non-diabetic individuals
(7.8% versus 2.7%, p < 0.001) (Table S3). The crude HR of the
28-day all-cause mortality in the diabetic group versus non-diabetic individuals was 2.90 (95% CI, 2.21–3.81; p < 0.001) (Table
S4). After adjusting for age, gender, and hospital site on admission, the HR of the all-cause mortality between these two groups
was 1.70 (95% CI, 1.29–2.24; p < 0.001) (Table S4). We further
adjusted for the severity of COVID-19 and found that the HR of
the all-cause mortality between these two groups was 1.49
(95% CI, 1.13–1.96; p = 0.005) (Figure S2; Table S4). We here
did not adjust for comorbidities closely related to T2D, including
hypertension, CHD, cerebrovascular disease, and chronic kidney disease, as these diseases often co-exist with T2D.
Furthermore, the individuals with T2D had a greater occurrence of ARDS (16.9% versus 7.2%), acute heart injury (7.3%
versus 3.0%), acute kidney injury (3.9% versus 0.8%), septic
shock (3.8% versus 1.0%), and disseminated intravascular
4 Cell Metabolism 31, 1–10, June 2, 2020

coagulation (DIC) (0.5% versus 0.2%) than the non-diabetic
group (Table S3). Mixed-effect Cox analysis indicated T2D was
significantly correlated with the occurrence of ARDS, acute kidney injury, and septic shock with respective adjusted HRs of 1.44
(95% CI, 1.20–1.73), 3.01 (95% CI, 1.94–4.68), and 1.95 (95% CI,
1.18–3.20), after adjusting for age, gender, and severity of
COVID-19 among the patients (Table S4). Our current study
was based on the largest diabetic COVID-19 cohort so far
analyzed, and the results were unequivocal to implicate diabetes
mellitus in higher risk of death and other detrimental outcomes of
COVID-19. Notably, care must be taken in interpreting the significant difference in outcomes between diabetic and non-diabetic
patients with COVID-19, since there were notable differences in
the covariate distributions between the two groups.
The pathophysiological mechanisms underlying the impact of
T2D on COVID-19 progression remain to be fully investigated. In
patients with diabetes, pulmonary dysfunction involving lung volume, pulmonary diffusing capacity, control of ventilation, bronchomotor tone, and neuroadrenergic bronchial innervation
have been reported (Fuso et al., 2019), which may account for
the propensity of poor outcomes in patients with COVID-19
and T2D. At the same time, a dysregulated immune response
caused by T2D is likely also responsible for the increased disease severity of COVID-19 in patients with T2D as a higher ratio
of lymphopenia and increased levels of neutrophils, serum CRP,
and IL-6 were observed in the patients with COVID-19 and preexisting T2D in our study. These findings dovetail with immune
dysregulation observed in other coronavirus infection-triggered
pneumonia (Kulcsar et al., 2019). In an experimental model of
MERS, diabetic mice had lower numbers of inflammatory monocytes and macrophages and CD4+ T cells, which was accompanied by lower levels of Ccl2 and Cxcl10 expression (Kulcsar
et al., 2019). Furthermore, T2D is associated with activation of
the renin-angiotensin system in different tissues (Candido
et al., 2002). Considering SARS-CoV-2 utilizes angiotensin-converting enzyme 2 (ACE2) to bind and gain entry to infected cells
(Hoffmann et al., 2020; Lu et al., 2020) and reduces the expression of ACE2 (Kuba et al., 2005), overactivation of the reninangiotensin system may also contribute to the increased
adverse risk in patients with COVID-19 and diabetes. In this
respect, application of renin-angiotensin system inhibitors may
have therapeutic effect in patients with COVID-19 and pre-existing T2D.
Differential Glucose Control Is Associated with Different
Outcomes in Patients with COVID-19 and Preexisting T2D
Among the cohort with COVID-19 and T2D, there were 282 individuals with well-controlled BG (136 males, 48.2%) and 528 individuals with poorly controlled BG (298 males, 56.4%). The median BG level was much lower in the well-controlled BG group
than the poorly controlled BG group (6.4 mmol/L [5.2–7.5] versus
10.9 mmol/L [7.6–14.3]) (Figure S3), and the levels of HbA1C in
these two groups were 7.3% (6.6%–8.2%) and 8.1% (7.2%–
10.1%), respectively. The patients from the well-controlled BG
group also had significantly lower incidences of lymphopenia
(30.5% versus 49.6%), lower rates of increased counts of leukocyte (6.3% versus 12.2%) and neutrophil (10.7% versus 19.4%),
and elevated serum CRP (47.5% versus 59.5%) and
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0.008

0.054

"0.025

0.016

"0.043

0.177

0.025

0.085

0.008

"0.048

0.000

0.000

0.008

SD

(Continued on next page)

130.0 (120.0–142.0)

20.0 (19.0–21.0)

83.0 (76.0–96.0)

124 (49.6%)

126 (50.4%)

63 (54–68)

Poorly Controlled (n = 250)

Table 1. Characteristics of Patients in the Well-Controlled and Poorly Controlled BG Groups Before and After Propensity Score Matching
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SBP, systolic blood pressure; DBP, diastolic blood pressure; COPD, chronic obstructive pulmonary disease; ALT, alanine transaminase; AST, aspartate transaminase; LDL-C, low-density lipoprotein cholesterol; IQR, interquartile range; SD, standardized difference.
a
Upper limit of normal (ULN) was defined according to criteria in each hospital

"1.329
10.6 (7.4–13.7)
6.4 (5.2–7.4)
6.4 (5.2–7.5)
Blood glucose,
mmol/L, median (IQR)

10.9 (7.6–14.3)

"1.312

0.000
27/189 (14.3%)
26/182 (14.3%)
26/206 (12.6%)
SpO2, <95%, n/N (%)

94/414 (22.7%)

"0.267

0.036

"0.020
2.4 (1.9–2.9)
2.4 (1.9–3.0)
2.5 (1.9–3.0)
LDL-c, mmol/L, median (IQR)

2.4 (1.9–2.9)

0.043

"0.087
91/206 (44.2%)

32/228 (14.0%)

83/208 (39.9%)

36/235 (15.3%)

"0.362

"0.012
38/266 (14.3%)
K+ < 3.5 mmol/L, n/N (%)

73/496 (14.7%)

88/234 (37.6%)
D-dimer > ULNa, n/N (%)

252/455 (55.4%)

0.074
15/231 (6.5%)
20/237 (8.4%)
20/267 (7.5%)
Creatinine >
ULNa, n/N (%)

68/498 (13.7%)

"0.201

SD
Poorly Controlled (n = 250)

25/219 (11.4%)

Well Controlled (n = 250)

30/235 (12.8%)
"0.251
30/266 (11.3%)
AST increase >
40 U/L, n/N (%)

97/476 (20.4%)

Matched (1:1)

SD
Poorly Controlled (n = 528)
Well Controlled (n = 282)

Unmatched

Parameters

Continued
Table 1.

0.041
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procalcitonin (24.2% versus 35.0%). The same pattern was
observed for elevated aspartate transaminase (AST) (11.3%
versus 20.4%) and D-dimer (37.6% versus 55.4%) (Table 1).
Notably, fewer individuals from the well-controlled group
had SpO2 lower than 95% compared to the poorly controlled
group (12.6% versus 22.7%). But other parameters between
the two groups were not significantly different. In particular,
these two groups had a median age of 62 (55–67) and 63
(56–68), respectively (Table 1). The difference of the median
BMI between patients with well-controlled BG or poorly
controlled BG was modest (25.0 [23.9–26.4] versus 23.2
[21.0–24.9], respectively).
Other clinical manifestations, including chest CT imaging
and the incidences of major comorbidities, were similar between the two groups on admission. Even so, the patients
with COVID-19 and T2D with well-controlled BG acquired
significantly less integrated treatments than those with poorly
controlled BG. There was a significantly lower frequency of
pharmacological therapy in the well-controlled BG group
versus the poorly controlled group, including the usage of antivirals (62.8% versus 71.2%), antibiotics (53.2% versus
66.5%), antifungal drugs (0.4% versus 2.8%), systemic corticosteroids (20.2% versus 34.9%), immunoglobin (15.3%
versus 26.5%), and vasoactive drugs (2.5% versus 8.9%).
The incidences of oxygen inhalation (70.2% versus 83.5%),
noninvasive ventilation (4.6% versus 11.9%), invasive ventilation (0.0% versus 4.2%), and extracorporeal membrane
oxygenation (0.0% versus 0.8%) were lower in the
well-controlled group than in the poorly controlled group
(Table 2).
Well-Controlled Blood Glucose Is Correlated with
Reduced Risk of All-Cause Mortality and Detrimental
Complications in Patients with COVID-19 and Preexisting T2D
Correlated with persistent lower BG levels, the well-controlled
group had higher lymphocyte counts, lower neutrophil
counts, and lower serum levels of IL-6, CRP, and LDH
throughout the 28-day observation period starting from the
time of hospital admission (Figure 2). We further noticed that
the in-hospital death rate was significantly lower (1.1% versus
11.0%) in the well-controlled group relative to the poorly
controlled group (Table S5). The crude HR for the 28-day
all-cause mortality between the two groups was 0.09 (95%
CI, 0.03–0.30; p < 0.001) (Table S6). After adjusting for age,
gender, the severity of COVID-19, comorbidities, and site effect, the HR of the all-cause mortality in the well-controlled BG
group versus the poorly controlled BG group was 0.13 (95%
CI, 0.04–0.44; p < 0.001) (Table S6). The E-value for the point
estimate was 14.87 with upper limit of CI at 3.97. Further, relative to the poorly controlled BG control, the patients from the
well-controlled BG group developed less frequent occurrences of ARDS (7.1% versus 21.4%), acute heart injury
(1.4% versus 9.9%), acute kidney injury (0.7% versus
3.8%), septic shock (0.0% versus 4.7%), and DIC (0.0%
versus 0.6%) (Table S5). After adjusting for age, gender, the
severity of COVID-19, site effect, and comorbidities, the
respective HRs of ARDS and acute heart injury were 0.41
(95% CI, 0.25–0.66, p < 0.001) and 0.21 (95% CI, 0.07–0.59,
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Table 2. In-Hospital Management of Patients with COVID-19 in the Well-Controlled or Poorly Controlled BG Group
Management

Total (N = 810)

Well Controlled (n = 282)

Poorly Controlled (n = 528)

p Valueb

Traditional Chinese medicine (%)

650 (80.3%)

235 (83.3%)

415 (78.6%)

0.129

Antiviral drug, n (%)

553 (68.3%)

177 (62.8%)

376 (71.2%)

0.017

Antibiotics drug, n (%)

501 (61.9%)

150 (53.2%)

351 (66.5%)

<0.001

Systemic corticosteroids, n (%)

241 (29.8%)

57 (20.2%)

184 (34.9%)

<0.001

Immunoglobin, n (%)

183 (22.6%)

43 (15.3%)

140 (26.5%)

<0.001

Anti-hypertensive drug, n (%)

380 (46.9%)

128 (45.4%)

252 (47.7%)

0.575

Lipid-lowering drug, n (%)

126 (15.6%)

40 (14.2%)

86 (16.3%)

0.493

Vasoactive drug, n (%)

54 (6.7%)

7 (2.5%)

47 (8.9%)

0.001

Antifungal medications, n (%)

16 (2.0%)

1 (0.4%)

15 (2.8%)

0.031

Metformin, n (%)

278 (34.3%)

76 (27.0%)

202 (38.3%)

0.002

Sulfonylurea, n (%)

106 (13.1%)

22 (7.8%)

84 (15.9%)

0.002

DPP-4 inhibitor, n (%)

55 (6.8%)

11 (3.9%)

44 (8.3%)

0.025

Insulin, n (%)

328 (40.5%)

40 (14.2%)

288 (54.6%)

<0.001

Alpha-glucosidase inhibitor, n (%)

337 (41.6%)

90 (31.9%)

247 (46.8%)

<0.001

Trizaolidinedione, n (%)

9 (1.1%)

2 (0.7%)

7 (1.3%)

0.508

Meglitide

35 (4.3%)

7 (2.5%)

28 (5.3%)

0.089

Oxygen inhalation, n (%)

639 (78.9%)

198 (70.2%)

441 (83.5%)

<0.001

Noninvasive ventilation, n (%)a

76 (9.4%)

13 (4.6%)

63 (11.9%)

0.001

Invasive ventilation, n (%)a

22 (2.7%)

0 (0.0%)

22 (4.2%)

0.001

Renal replacement therapy, n (%)

15 (1.9%)

5 (1.8%)

10 (1.9%)

1.000

Extracorporeal membrane oxygenation,
n (%)a

4 (0.5%)

0 (0.0%)

4 (0.8%)

0.304

a

Noninvasive ventilation, invasive ventilation, and extracorporeal membrane oxygenation are mutually exclusive
p values were calculated by Fisher’s exact test or c2 test

b

A

B

Blood glucose (mmol/L)

Relative level for IL-6

p = 0.003) between the well-controlled BG group and poorly
controlled BG group (Table S6).
A propensity score-matched (PSM) analysis was further performed to avoid confounding variables that could have interfered
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Figure 2. Dynamics of BG, Lymphocytes,
Neutrophils, IL-6, CRP, and LDH in WellControlled and Poorly Controlled BG Groups
during Hospitalization
Dynamic trajectories of blood glucose (A), lymphocytes (C), and neutrophils (E), and relative levels
for IL-6 (B), CRP (D), and LDH (F) during the 28-day
follow-up duration, with 95% confidence interval
represented by shaded regions, in patients with
poorly controlled BG (orange) or patients with wellcontrolled BG (blue). The BG represents the averaged median BG of patients on the day tested.
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with the association between BG levels and all-cause mortality.
Due to the lack of reliable indicators for the severity of T2D, we
specifically included T2D-related comorbidities for matching
since comorbidities are closely related to the severity of T2D.
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100

Percent survival (%)

Well-controlled
95
Poorly-controlled
90

85
Adjusted HR, 0.14 (95% CI, 0.03 - 0.60)
P = 0.008

we found that compared to individuals with well-controlled BG,
poor glycemic control in patients with COVID-19 and pre-existing
T2D was associated with worse outcome, involving increased
need for medical interventions, multi-organ injuries, and higher
mortalities. In contrast to such patients, in those with glycemic variability between 3.9 and 10.0 mmol/L there was a significant association with reduced medical interventions, major organ injuries,
and all-cause mortality. The findings here provide direct evidence
supporting the recent suggestions for clinical management of T2D
during COVID-19 (Bornstein et al., 2020).

80
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Figure 3. Survival Curves of Patients with Well-Controlled BG or
Poorly Controlled BG in the PSM Model
Kaplan-Meier Curves for cumulative probability of COVID-19 mortality during
the 28-day follow-up duration in the well-controlled BG (blue) or poorly
controlled BG (orange) cohort among 500 patients with T2D in the PSM model.
The blips on the curve indicate censoring of cases during 28 days of follow-up.

These comorbidities included hypertension, cardiovascular disease, cerebrovascular disease, chronic liver disease, and
chronic kidney injury. We were able to match 250 patients from
the well-controlled BG group to 250 patients from the poorly
controlled BG group at a ratio of 1:1, and these 500 individuals
were included in the PSM analysis (Figure 1). By applying
mixed-effect Cox model using the hospital site as a random effect and adjusting imbalanced durations from symptom onset
to admission, the results consistently and significantly demonstrated a lower risk of all-cause mortality in the patients from
the well-controlled BG group (adjusted HR, 0.14; 95% CI,
0.03–0.60; p = 0.008) compared to those from the poorly
controlled BG group (Figure 3; Tables 3 and S7), although stronger integrated treatment was applied to the poorly controlled BG
group (Table S8). The robustness of the association between glycemic variability and mortality was further assessed with additional sensitivity analyses by using different matching variables.
The results in these sensitivity analyses were similar to the above
analysis with HRs of 0.17 (95% CI, 0.05–0.61; p = 0.006) in the
first sensitivity analysis and of 0.16 (95% CI, 0.05–0.58; p =
0.005) in the second analysis (Table S9). In the PSM analysis,
the respective adjusted HRs of ARDS, acute heart injury, and
acute kidney injury were 0.47 (95% CI, 0.27–0.83, p = 0.009),
0.24 (95% CI, 0.08–0.71, p = 0.010), and 0.12 (95% CI, 0.01–
0.96, p = 0.046) between the well-controlled BG group and
poorly controlled BG group (Table 3).
Glycemic variability has been shown to be an important indicator
and a possible risk predictor for death and other complications in
individuals with T2D (Forbes et al., 2018). The impact of hyperglycemia on the pathogenesis of viral-induced respiratory diseases
remains unclear. Elevated BG level has been reported to increase
the glucose concentration in airway epithelial secretion (Philips
et al., 2003), which may disrupt the defensive capacity of airway
epithelia. On the other hand, too rigid glucose control increases
the risk of severe hypoglycemia, which can also result in an
increased mortality (Rodriguez-Gutierrez et al., 2019). In this study,
8 Cell Metabolism 31, 1–10, June 2, 2020

Conclusions
In conclusion, T2D is an important risk factor for COVID-19 progression and adverse endpoints, and well-controlled BG, maintaining glycemic variability within 3.9 to 10.0 mmol/L, is associated with a significant reduction in the composite adverse
outcomes and death. These findings provide critical insights
into the clinical characteristics of patients with COVID-19 and
pre-existing T2D and the possible avenues to improving their
disease outcomes.
Limitations of Study
Due to the retrospective nature of the study and the unprecedented scale of the COVID-19 pandemic, this study has several
limitations. First, all data were obtained from patient cohorts
admitted in the 19 hospitals in Hubei Province, China. Therefore,
the effect of BG control may be different among patients with
COVID-19 and pre-existing T2D in the outpatient setting or in
ethnically or geographically diverse populations. Second, we
were not able to retrieve the pre-hospital status of T2D from
the current cohort due to the urgent circumstance of the
COVID-19 pandemic. The status of pre-hospital T2D could be
significantly associated with numerous clinical parameters,
which are known independent risk factors for the poor outcomes
of COVID-19, including cardiovascular abnormalities and immunological dysfunction. While we performed PSM analysis to support the independent association of T2D with COVID-19 pathology, the influence from these cofounders cannot be fully
excluded. Also, given this lack of pre-hospital data, it was not
possible for us to access if BG levels changed as result of
COVID-19 progression and/or severity. Third, the number of
the patients with T2D and well-controlled BG in this study was
modest and might not be powered sufficiently to reflect the overall complexity of the general population. Therefore, large-scale
prospective cohort studies will be required in ethnically and
geographically diverse cohorts to better understand the association and importance of BG control in the disease progression of
COVID-19. Fourth, given the retrospective nature of the study, it
was not possible for us to determine if active management of BG
levels to a more normal range could ameliorate COVID-19
severity or adverse outcomes. Finally, individuals with type 1 diabetes were excluded from our analysis as there were too few of
them in the initial cohort, but it is possible that blood glucose
control may also affect their outcomes during COVID-19.
STAR+METHODS
Detailed methods are provided in the online version of this paper
and include the following:
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Table 3. Hazard Ratios for Outcomes in Well-Controlled and Poorly Controlled BG Cohorts under Cox Adjusted Model and Propensity
Score-Matching Model
Matchedb

Unmatched
Adjusted

a

Adjustedc

Well-Controlled versus
Poorly Controlled

Crude
HR (95% CI)

p Value

HR (95% CI)

p Value

All-cause mortality

0.09 (0.03,0.30)

<0.001

0.13 (0.04,0.44)

<0.001

0.14 (0.03,0.60)

0.008

Septic shock

–

–

–

–

–

–

ARDS

0.31 (0.19,0.50)

<0.001

0.41 (0.25,0.66)

<0.001

0.47 (0.27,0.83)

0.009

DIC

–

–

–

–

–

–

Acute kidney injury

0.19 (0.04,0.80)

0.024

0.22 (0.05,1.03)

0.055

0.12 (0.01,0.96)

0.046

Acute heart injury

0.14 (0.05,0.39)

<0.001

0.21 (0.07,0.59)

0.003

0.24 (0.08,0.71)

0.010

d

d

HR (95% CI)

p Valued

HR, hazard ratio; CI, confidence interval.
a
In mixed-effect Cox model, adjusted variables for comparing BG well-controlled and BG poorly controlled cohorts included age, gender, indicators of
the severity of COVID-19, and comorbidities (hypertension, coronary heart disease, cerebrovascular diseases, chronic liver diseases, and chronic
renal diseases)
b
In the propensity score-matched model, age, gender, hospital sites, indicators of the severity of COVID-19, comorbidities (hypertension, coronary
heart disease, cerebral vascular disease, chronic liver disease, and chronic renal diseases), and incidence of increased creatinine were matched
c
Mixed-effect Cox model using the hospital site as a random effect and adjusting imbalanced durations from symptom onset to admission
d
p values were calculated based on Cox proportional hazard model

d
d

d

d
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Lead Contact
Further information and requests for resources and reagents should be directed to the Lead Contact, Hongliang Li (lihl@whu.edu.cn).
Materials Availability
The study did not generate any new reagents or materials.
Data and Code Availability
Data related to the findings of this study will be available from the corresponding author upon reasonable request. The research team
will provide an email address for communication once the data are approved to be shared with others. The proposal with detailed
aims, statistical plan, and other information/materials may be required to guarantee the rationality of requirement and the security
of the data. The patient-level data, but without names and other identifiers, will be shared after review and approval of the submitted
proposal and any related requested materials.
METHOD DETAILS
Study Design and Participants
This was a multi-centered, retrospective cohort study and the study protocol was approved by the Institution Ethic Committee of
Renmin Hospital of Wuhan University and Zhongnan Hospital of Wuhan University. The study design was also individually approved
by each collaborating hospital or their institutional ethics boards. Given the urgency of the COVID-19 pandemic, the informed consent forms were waived by the ethics boards of the hospitals.
The study subjects included patients with COVID-19 diagnosed between December 30th, 2019 and March 20th, 2020. COVID-19 was
diagnosed based on chest computed tomography (CT) manifestations and/or reverse transcription-polymerase chain reaction (RTPCR) following the criteria of the New Coronavirus Pneumonia Prevention and Control Program (5th edition) published by the National
Health Commission of China and WHO interim guidance (National Health Commission of China, 2020; World Health Organization, 2020;
Zhang et al., 2020b). A total of 9,663 patients with COVID-19 were initially screened for the study. Data from individuals, however, were
excluded if the subjects were younger than 18 or older than 75 or had incomplete medical records (e.g., transfer to any other hospital),
acute lethal organ injury (e.g., acute myocardial infarction, acute coronary syndrome, acute pulmonary embolism, or acute stroke), decompensated or end stage of chronic organ dysfunction (e.g., decompensated cirrhosis, decompensated chronic renal insufficiency,
severe congestive heart failure), pregnancy, type 1 diabetes, getational diabetes, or malignancy. For further study, the remaining cohort
(n = 7,337) was categorized into diabetic (n = 952) and non-diabetic (n = 6,385) groups, according to the clinical diagnosis and/or medical history on admission (Figure 1).
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Data Collection
The medical records of patients were analyzed by an integrated research team, including physicians, data scientists and statisticians. After deidentification process by removing the personal information (e.g., name and ID) of the participants and designating
using a coding system, the basic information, epidemiological records, clinical manifestations, laboratory findings, radiographic
characteristics from CT, treatments and outcomes during hospitalization were recorded. Major clinical symptoms (i.e., fever,
cough, fatigue, dyspnea and comorbidities) were collected. The laboratory findings included routine blood test, fasting blood
glucose (BG) and 2 h postprandial BG (2 hPG), C-reactive protein (CRP), procalcitonin, D-dimer, and serum indicators for liver
injury, kidney injury and heart dysfunction. An experienced physician team reviewed, interpreted and double-checked all data
to guarantee the accuracy.
Definition
The date of disease onset was defined as the day when the first symptom of COVID-19 was noticed. Severe cases were defined according to whether the patients had indication of respiratory rate > 30 breaths/min, or SpO2 % 93% on room air, or PaO2/FiO2 %
300 mmHg. T2D status was designated based on the patient’s medical history and guideline for the prevention and control of T2D in
China (2017) (Chinese Diabetes Society, 2018). The timing and frequency of obtaining the fasting and 2-h postprandial BG (2 hPG)
varied between individuals, depending on the necessity related to the severity of the comorbid T2D. Severe T2D status accordingly
obtained more frequent BG surveillances. Glycemic variability was defined as the range between the lowest fasting BG (FBG) and 2
hPG level during the observation period. Well-controlled BG was defined when glycemic variability ranged from 3.9 to 10.0 mmol/L
since the normal range of fasting BG is 3.9 - 6.1 mmol/L and lower than 10 mmol/L is the targeting level of 2 hPG in DM management
according to the guideline for the prevention and control of T2D in China (2017) (Chinese Diabetes Society, 2018). Poorly-controlled
BG was defined when the lowest fasting BG was above or equal 3.9 mmol/L and the highest 2 hPG level exceeded 10.0 mmol/L during the observation window.
Hypertension was diagnosed when systolic blood pressure is equal or above to 140 mm Hg and/or diastolic blood pressure is equal
or above 90 mm Hg. ARDS and septic shock were defined following WHO interim guideline for ‘‘clinical management of severe acute
respiratory infection when novel coronavirus (2019-nCoV) infection is suspected.’’ Cardiac injury was defined when the serum level of
cardiac injury biomarkers (cardiac troponin I [cTNI], cardiac troponin T [cTNT], or high sensitivity cardiac troponin I [hs-cTNI]] were
higher than the upper limit of normal (ULN). Acute liver injury was defined when an acutely increased level of serum alanine aminotransferase (ALT) and serum alkaline phosphatase (ALP) of upper limit of normal (ULN) was observed (Marrone et al., 2017). Acute
kidney injury was indicated by the value of serum creatinine level when it reached or exceeded 26.5 mmmol/L within 48 h (Kellum
et al., 2012). Disseminated intravascular coagulation (DIC) was diagnosed according to the criteria published by the International Society on Thrombosis and Hemostasis (ISTH) (Gando et al., 2013). The primary endpoint of the study was 28-day all-cause death in
COVID-19 patients. The secondary endpoints were occurrence of ARDS, septic shock, acute cardiac injury, acute kidney injury,
or DIC.
Propensity Score-Matched Analysis
The variables potentially confounding the association between BG and the outcomes of COVID-19 were addressed using the propensity score-matching (PSM) method (Waljee et al., 2013). PSM requires a complete set of variables for every patient, randomly
missing values of 10 selected parameters from noninvasive tests were therefore imputed. The non-parameter imputation method
missForest was applied and the estimation of the imputation error was 4.08%. The bootstrapped cross validation was further applied
and repeated 10 times for evaluating imputation performance on the training data after 10% more parameters were randomly introduced. The missForest method yielded 4.11% (IQR 1.91%–5.44%) differences between the datasets before and after parameters
were introduced. The algorithm of the PSM is as follows:
Logistic(P) = Ln[P/(1-P)] = b0 + b1X1 + b2X2 + .+ bkXk p = e(b0 + b1X1 + b2X2 + .+ bkXk)/1+e(b0 + b1X1 + b2X2 + .+ bkXk). The
P in this formula is the predicted probability of glucose control procedure, and the beta value before each variable is the regression
coefficient of that variable.
The variables potentially confounding the association between BG and the outcomes of COVID-19 were addressed using the
PSM method. When evaluating the association of glucose control level and outcomes, the PSM cohorts were identified by
balancing age, gender, fever, cough, dyspnea, CT-diagnosed lung lesions, SpO2, breath frequency, incidence of increased
leukocyte count, ALT, AST, D-dimer, creatinine, CRP, procalcitonin and decreased of lymphocyte count, as well as comorbidities (hypertension, coronary artery disease, cerebrovascular disease, chronic liver diseases and chronic renal disease). The
propensity score, a predicted probability of glucose change contributed by the above variables, were estimated based on multivariable logistic regression model. The matching ratio was at 1:1 for well-controlled BG versus poorly-controlled BG during the
entire hospitalization. Exact matching with a caliper size of 0.05 was applied for all matching pairs according to the propensity
scores. Evaluation of the balance between covariates was conducted by estimating standardized differences before and after
matching. Only those with small absolute value less than 0.1 were considered qualified balancing.
Sensitivity Analysis
The robustness of the association between BG level and all-cause mortality was assessed by analyzing E-value in the Mixed-effect
Cox proportional hazards model to address unmeasured confounders using the methodology of VanderWeele and Ding
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(Haneuse et al., 2019; Mathur et al., 2018; VanderWeele and Ding, 2017). Two sensitivity analyses were performed to evaluate the
robustness of propensity score-matched cohort analyses, among all pairs.
QUANTIFICATION AND STATISTICAL ANALYSIS
All statistical analysis was performed using R-3.6.3 (R Foundation for Statistical Computing, Vienna, Austria) and SPSS Statistics
(version 23.0, IBM, Armonk, NY, USA). Data with continuous variables were presented as median and interquartile range (IQR),
and data with categorical variables were presented as frequency rates and percentage (%). Comparison between 2 groups was
analyzed using Student’s t tests (normally distributed) or Mann-Whitney U test (nonnormally distributed) for continuous variables.
Comparison of categorical variables was analyzed by Fisher’s exact test or c2 test. Generalized linear model (GLM) was performed
to evaluate correlation between the median of blood glucose and factors related to viral infection or glycemic control in patients with
diabetes. The risk for composite endpoints and corresponding hazard ratio (HR) were analyzed using Cox proportional hazard model
and mixed-effect Cox model. The cumulative rates of death were plotted by applying Kaplan-Meier method. A difference with a twoside a less than 0.05 was considered statistically significant.
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